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Chapter 1

Preliminary

1.1 Main story : homogenization

Dirichlet problem is a very classical partial differential equation, which describes, for example,
the potential in a domain U C R? with boundary condition ¢ and with the source f. It has a
form like

—Au=f inU,
{ u=g on OU. (1.1.1)

We call it also Poisson equation and in the case where f = 0, we call it Laplace equation.
This is a very classical problem in maths and has been well studied for long time. However, when
we deduce this equation, sometimes we simplify a little the condition in reality. For example, the
conductance here is constant, which corresponds to the case that the media is very steady in all
the point in U. This is the case in some model but not the case in other situations. For example,
if there are two types of media, sometimes we use another equation like divergence form

(1.1.2)

—V.aVu=f inU,
u=g on OU

to describe the model and we allow that the conductance matrix a : U — R%*? to take different
values depending on the point. The story of homogenization starts from these two equations :
eq. (1.1.1) is easier to study in maths and has very good regularity, but it is too simplified and
loses some details information. eq. (1.1.2) is little more complicated, while it contains all the
information of the media. However, to record all the information of the conductance matrix, it
will take many memory and the modeling is also very expensive. Some question is very natural
: in which situation we should use eq. (1.1.1) for modeling and which situation we should use
eq. (1.1.2) ?

This question should be formulated more precisely since how to model a concrete problem
should be sometimes studied case by case. But if we set a conductance a® that has some spatial
structure like a® is e-periodic or a® is sampled i.i.d in small area of length e, very intuitively, we
believe that when e < diam(U), we may replace the conductance by an effective conductance a.

This is the main idea of the theory of homogenization, we state it more formally. Suppose
that a is 1-periodic or stationary with after translation of integer, and a® = a(Z). We study the
solution of the equation

{ —V-a’Vut=f inU, (11.3)

u=g on OU.
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Figure 1.1: The pictures from left to right describe a homogeneous media, an environment of
two types of media and a media of periodic structure. In the first case, the equation is simple,
while in the third case, we hope to profit of the periodic structure to reduce the complexity of
calculus or storage of memory.

This equation is called cell problem or heterogeneous equation in homogenization theory. It
appears especially in the modeling of molecular problem, equation in disordered media/ on
random conductance/ on porous area, problem about the design of periodic structure etc. Here
we focus on divergence form and many questions can be asked.

.€_>0. % .

Figure 1.2: When we take ¢ goes to 0, we believe that the conductance of disordered media will
be averaged to an effective conductance a.

1. When ¢ <« diam(U), can we find an effective conductance matrix a constant for all x € U
such that the solution u of

{ —-V-aVa=f inU, (1.1.4)

u=yg on OU

is a limit when ¢ goes to 0 7 And in which sense with which speed 7 This question is
of special interest of computational mathematics since to solve an equation of constant
conductance matrix is easier than that of a general conductance matrix.

2. Can we find a reverse engineering ? That is to say approximate the solution u® by that of
u. Of course, when ¢ is small, u itself is an approximate, but can we pay some more cost
(but still less than to solve direct eq. (1.1.3)) to make the approximation more precise than
just u 7
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3. What is the regularity of the solution u® when f = 0. We know the regularity of Laplace
equation is very good, but does the periodicity or stationarity also helps improve the
regularity 7

4. Due to the connection between Dirichlet problem and diffusion process, what is the inter-
pretation of homogenization in the associated diffusion process 7

In this report, we try to review the answer of these questions. In Chapter 1 we collect some
basic knowledge about analysis and elliptic equation. In Chapter 2, we review the theory of
abstract qualitative theory of homogenization. It says sometimes the existence of the limit using
the weak compactness argument or ergodic theory argument, so they are a little abstract and
the speed is not explicit enough for numerical analysis. In Chapter 3, we introduce some recent
progress in this area, so that we know some explicit speed of homogenization. Chapter 4 is one
final project about the bound of one iterative algorithm studied during the internship.

1.2 Functional analysis

1.2.1 Weak topology

In this subsection, we recall some basic definition and proportion of weak topology, which is a
very important definition in analysis. One very useful technique in analysis is the argument of
compactness : by compactness, we know the existence of a limit for a series, and then we can
use other information to identify the uniqueness and characterize the limit in concrete example.
However, we know that for a infinite Hilbert space H, the unit ball in not compact. Thus, we
try other weaker topology instead. That is one useful application of weak topology.

In the following, let H be a Hilbert space and H' its dual (linear bounded functional of H)
and (-, -) 5 g its duality bracket. Sometimes we also abuse a little the notation to write f(z) as
<x,f>H7H,70fac € Hand fe H.

Definition 1.2.1 (Weak convergence and weak topology). We say a family of element {z,, },en
converges weakly to a limit x and we denote it by xz,, — x if and only if

Vfe HI’nILH;o <$n,f>H,H/ = (z, f>H,H/-

The weak topology is the the topology generated by the open set induced by all the functional
feH.

A first very elementary property is that the weak topology is weaker than the topology
induced by the norm || - || . Here we list some more elementary properties of the weak topology.

Proposition 1.2.1. 1. Ifz, — x in H, then ||z||g < liminf, o ||zn] z-

2. If v, = x in H and f, — [ in H', then we have

nh_>rrgo <xnafn>H,H’ = <x’f>H>H’ )

The first one has the similar form as the Fubini lemma.
Compared to the topology of the norm, one advantage is the compactness of the weak topol-

ogy.
Theorem 1.2.1 (Banach Alouglu). Every unit ball in H is compact in weak topology.
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In the Hilbert space context, thanks to the inner product structure (-, ), we have one more
proposition

Proposition 1.2.2. Let H be a Hilbert space and x,, — x, then

1Nl er . _
Tp —— x <= lim ||z,|g = ||z||g.
n— o0

Remark. This proposition is interesting, since normally we cannot deduce the strong convergence
from the weak convergence. But with one more condition, here we can do it in Hilbert space.
Similar spirit also exists in other topic, like the Shaffé lemma in probability theory. Moreover, the
quantitative analysis of homogenization also shares this idea : some convergence only depends
on the convergence of one observable.

Finally, we recall the famous Riesz lemma.

Lemma 1.2.1 (Riesz). Let H be a Hilbert space and f a bounded linear functional in H', then
there exists an element x5y € H such that

Vx € H, @ g = (@)

1.3 Function spaces

We introduce some function space where we will work on for the solution of equation. The
theory of function space is a basis of the study of PDE and there are many good references.
However, in the study of homogenization, sometimes we do the scaling of the domain, so some a
priori estimates have to be done with more carefulness. Especially, we hope to know whether the
constant in some useful inequalities (Holder, Sobolev embedding, Poincaré etc) depends on the
size of the area, so we revise these inequalities and their application in weighted norm defined
below. The part about Sobolev space is after [[ES98, Chapter 5] and the part about fractional
Sobolev space is after [DNPV12].

In the following, we use {ej, e, -eq} as the canonical basis of R? and |U]| for the Lebesgue
measure of Borel set U € R?. We use 0Oy, u to define the weak derivative in the sense of Schwartz,
that is for every ¢ € C2°(U), we have

/U@xjuqzﬁ:—/UuﬁquS.

For 8 € N, we define also a multi-index weak derivative 9° f such that
d
B:=> B and 9°f =07 9%f.
i=1

1.3.1 Banach space LP(U) and C**(U)
We introduce at first the classical LP(U) space and Hélder space CK2(U).

Definition 1.3.1 (LP(U) space). For every p € [1,+00), we define a norm

T ( / If(x)l”dx) "
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and we denote by LP(U) all the Lebesgue measurable function f such that | f||;, ) < oo. For
the case p = 0o, we define its norm as

[fll oo iy = inf {z[m({|f| > «}) > 0}.
Under both case, the space LP(U) is a Banach space.

Since we often scale the domain in the theory of homogenization, we define also the weighted
LP space.

Definition 1.3.2 (LP(U) space). For every p € [1, +00], the weighted norm LP(U) is defined for
a bounded domain U C R? as

1l = (|1U| /| f<x>|pdx)“ — U1 1 oo,

The Lebesgue measurable functions bounded under this norm also form a Banach space.

The weighted norm has many nice property, for example, for 1 < p < ¢ < oo one direct
application of Holder inequality tells us

11
1l ey < WMl poqry IUT7 77,

and we use the definition of weighted norm to get

1l Loy < Ml gaqory -
This helps us to avoid the term of constant coming from the size of area U.
Definition 1.3.3 (Hélder space C**(U)). For every 0 < a < 1, we define the semi-norm

{If(w)—f(y)l}’

fleoay = sup
Hlore) T

z,yeU,z#y

and the Holder norm as
1fllco.ey = Iflcw) + [fleoew) -

In more general case, for every k € N,0 < a < 1, we define

”fHCkva(U) = Z HaﬂfHC(U) + Z [85]‘]00,&((]) ’
B=k

1Bl<k

The continuous function with bounded Holder norm also forms a Banach space and we denote
it by C*(U).

1.3.2 Convolution

For f € LP(R%), g € L9(R?) where % + % = 1, we denote the convolution of f and g by

[rg(z)= /Rd fW)g(x —y)dy.
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The convolution of function inherits good property from the two. For example, the convolution
between a L} (R?) and a C°(R?) function is of class C*°(R?). In this article, two mollifiers

loc

used are the heat kernel ®,.(z), defined for » > 0 and = € R? by

1 x?
(br(.r) = Wexp (_47"2> .

and the bump function ¢ € C°(R9)

((2) == caexp(—(1 = |2[*) ") a<1y,
where ¢4 is the constant of normalization such that f]Rd ¢(x)dx = 1. Finally, we use the notation
1 T
C(z) = ETIC (g) )

as a mollifier in scale € > 0.

1.3.3 Sobolev space W*2(U), Wy?(U)

In this subsection, we give the definition of Sobolev space. The theory of Sobolev space is very
classical since we often try to find the solution of PDE in this space for the reason both in
maths: it is a Banach space and separable for good index, we can use weak compactness to get a
sub-sequence limit etc, and also for the reason in physics: sometimes the finite norm has a direct
natural interpretation as finite energy in physical context.

Definition 1.3.4 (Sobolev space W*?(U), WP (U)). 1. For each k € N,1 < p < oo, we
denote by W#P(U) the classical Sobolev space on U equipped with the norm

Hf“Wk-,p(U) = Z ||8BfHLP(U) ’

0<|8|<k

and W*P(U) is the function space containing all the Lebesgue measurable function bounded
under this norm.

2. We use WP (U) to define the closure of C2°(U) in Wh»(U).

3. For each —k € N, we define also W~%?(U) to be the dual of Wé“’p/(U) where % + p—l, =1

k, ’
Iw-esy = s { [ Fo.0 € W57 @) Lol <1}

Here, we abuse the use of notation [, f(x)g(x) dz, since the function space H~'(U) also
contains linear functional, which is not necessarily a function.

4. In the case where p = 2, we also use H*(U) and HE(U) to refer respectively W*2(U) and
WEP(U).

From the definition, we see that C2°(U) is dense in the space W (U), but this is not the
case of W*P(U). The problem comes from the boundary effect, intuitively, near the boundary,
the function will always go down to 0 for functions in Wéc "P(U), so it can be approximated by the
regular function with compact support. However, the function in W*?(U) can have very sharp
fluctuation near the boundary, so we have to give up the condition of compact support. In fact,
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we can use C>°(U) to approximate the function space W*?(U) rather than C2°(U). See [ES98,
Chapter 5.3].
There are some other similar questions whose answers are different for W*?(U) and Wg P(U)

1. Can we see WFP(U) as a subspace of W*?(R?) ? The answer is positive for W7 (U) but
it depends on the regularity of U for W*P(U). The problem is still near the boundary,
because in W¥*P(U), the function does not have to have a sense for derivative at the
boundary. If U € C!, then we can do some reflection and define a function called the
extension of function and we denote it by Ext(-). It satisfies that for every f € WhP,
Ext(f) = f a.ein U and

|E2t(F)lyy gty < OO [ F e

See [ES98, Chapter 5.4] for more details.

2. Can we talk about the function restricted at the boundary oU 7 If it makes sense, it is
called the trace of function and we denote it by T(-). If we want a bounded embedding
T:Wh(U) — LP(U) i.e

||T(f)||Lp(aU) <C(pU) Hf”Wl»P(U) )

we have to add some regularity to the boundary and in fact the condition U € C' also
suffices. See [ES98, Chapter 5.5] for the trace theorem.

We observe that when k = 0, the Sobolev space WP (U) = LP(U). Moreover, we can also
define a weighted Sobolev norm in the following sense.

Definition 1.3.5 (Weighted Sobolev norm). When |U| < oo, we also define the weighted norm
for kK € N,1 < p < oo that

18—k
I lwerwy = D [UTT 107 FllLruy.

0<|BI<k

Finally, we remark that one advantage of the definition of W*? is that it is consistent with
the scaling of the Poincaré inequality (see [S98]) i.e if U has C*! boundary

Ve WoP(U), |1 f Loy < C@IV fllr -

1.3.4 Embedding theory

One important property is the relationship between different function spaces of different param-
eters. A first important theorem is the interpolation of L?(U) space.

Theorem 1.3.1 (L? interpolation). For 1 < p < r < ¢ < 0o such that

we have LP(U)NLI(U) C L"(U) i.e

VIeP@NL'W), £l <C@am) 11Ty 111w
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We can use both Marcinkiewicz interpolation theorem or Riesz—Thorin theorem to obtain the
result, see [Gra08, Chapter 1] for the its proof.

For the embedding theory, the main tool is Nirenberg-Sobolev inequality and Morrey’s in-
equality, which says the comparison between different norms.

Proposition 1.3.1 (Gagliardo-Nirenberg-Sobolev inequality). Assume that 1 < p < d, then we

define its Sobolev conjugate p*
dp 1 1

= — [
d—p p* d
then there exists a constant C(d,p) such that for every f € C°(R%)

Hf”LP* g O(dap) vaHLp(Rd) .

*

p

Since this inequality is done in the whole space, it does not involves the constant of the size
of the support. Using the density of C2°(R?) in W, (U) and the extension theorem, we obtain
the following corollaries.

Corollary 1.3.1. 1. For every f € Wy (U) and every q € [1,p*], we have Wy'*(U) — LP"(U)

and
1

Pl < Cd,p)|UTs 27

1_
”fHLq(U) < |UJs VfHLp(U) .

2. For every U C RY with OU € C*, then for every f € WYP(U) and every q € [1,p*], we
have W'P(U) — L? (U) and
11 11
[l Loy <UL | fll e < CUd,p, UNUTE 2 [| fllyrn ) -
In the case p > d, as the Kolmogorov inequality, it implies the Holder continuity.

Proposition 1.3.2 (Morrey’s inequality). For every f € C*(RY), we have an inequality that
\Y
Vi)l

— g1t

1
mm>&m”@‘“”@<0@mémm/

So in the case 1 < p < 0o, we have
Swplfl < D) oy
[f]co,lfd/p(]Rd) < C(d7p) ||vf||LP(Rd) '

These imply that WP(U) — CO1=4/p(U)),
We apply the arguments above by induction and can get the generalized embedding theorem.

Theorem 1.3.2 (Embedding theorem). 1. For every 1 <p < %, we denote by

_ — 1 _1
d — pk p* P

*

b

Then we have embedding W*?(U) < LP" (U) that

Hf”LP*(U) < C(dvkapa U) ||fHWk;v(U) .
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2. If k> %, then f € Ckf[%]fl"y([j) where

p

[4] +1— 49 2 45 not an integer
= PP
any positive number < 1, % 15 an integer.

And we have an estimate

Hf||Ck7 g O(da k7pa Vs U) ”f”Wkp(U)

[%}*M(U)
In the case ¢ < p*, the embedding theory can be better.

Theorem 1.3.3 (Rellich). For any U C R? open bounded with OU € C' and 1 < q < p*, we
have WhP(U) < LY(U) and this embedding is compact.

1.3.5 Fractional Sobolev space W*?(U)

Besides the classical integer order Sobolev space, we can also define fractional order Sobolev
space W®P(U) and the Sobolev embedding can be also generalized in fractional case.

Definition 1.3.6 (Fractional Sobolev space). For every 0 < a < 1, we define a seminorm

igesi= (=) [ [ D=L goay,

and we define the norm Wk+er(U))

ey = D 10 Fll oy + 2 0% o

[BI<k |8|=k

Then, with a little abuse of notation, W*+®P(U) also refers to the function space containing the
Lebesgue measurable function bounded under this norm.

We have a similar result of embedding theorem.

Theorem 1.3.4 (Generalized embedding theorem). For every0 < 8 < a < oo and1l < p,q< oo
satisfying B — g <a-— %, then we have WoP(U) — WH(U).

If we take 8 = 0, this theorem says q < p* = df—ip, we have the embedding, which is as the
classical embedding theorem except replacing the entire order derivative with that of fractional
order. The proof of this theorem is technique and we have to treat the case "Fractional —

Fractional", "Entire — Fractional" "Fractional < Entire". See [DNPV12] for complete proofs.

1.4 Basic theory of elliptic equation

In this part, we give a short resume about the general theory of second order elliptic equation,
especially the equation of divergence form and harmonic equation - the two most typical equa-
tions. We will focus on the most basic properties of the equation : existence, uniqueness, the
regularity with respect to the data, the coeflicients and the domain. The fine results can be
found in many wonderful references like [GT15], [HL11] and Section 1.4 mainly bases on the
lecture note [Bab] and [AII05].
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1.4.1 Existence and uniqueness

In the following, we study the equation of divergence form defined in eq. (1.1.2)

(1.4.1)

—V-aVu=f inU,
u=g on OU.

By the principle of superposition, we can assume without loss of generality that g = 0. We try
to find the solution u in the space H(U) and also assume that f € H~'(U) and the coefficient
a € L™ (U) and satisfies the uniform ellipticity condition that

Vo, & € R IA > 0, such that A7 ¢? < € a(z)é < Al¢] (1.4.2)

and we try to find its weak solution i.e

Vo € Hy(U), /UVu-aV¢ = /Uf¢. (1.4.3)

Remark. The frame of weak solution is one important topic in modern PDE theory. The motiva-
tion is that some explicit formula like in classical heat equation or wave equation is not accessible
in general, so the first goal is sometimes to make sure the existence so that we can talk about
a solution of the equation. We hope, of course, the solution behaves like classical sense and
we can apply the classical derivatives. However, on the one hand, sometimes some solution has
discontinuity (like that of transport equation, where the discontinuity can propagate), on the
other hand, if we add too many constrains to the solution, it is hard to talk about the existence
of the solution. Therefore, one idea is to relax sometimes the condition to find a (weak) solution
in a larger space and then study its regularity.

There are two main frames that can be used to attack the existence and uniqueness of the
equation - by the theorem of Lax-Milgram and by the variational analysis.
Lax-Milgram frame

The Lax-Milgram theorem is used to treat the existence of the solution in Hilbert space (H, (-, -)).
Let a be a bilinear mapping and L € H’ that

a:HxH—R, L:H-—R
Then we try to find a solution v € H such that
Yve H, a(u,v)= L(v). (1.4.4)

To obtain the existence and uniqueness, we should add some conditions on the bilinear mapping.
The Lax-Milgram theorem says the condition "continuity + coercivity" suffices.

Theorem 1.4.1 (Lax-Milgram). In the setting above, if a(-,-) satisfies the following two condi-
tion:

1. Continue : there exists M > 0, such that for every u,v € H,|a(u,v)| < M |Jull 4 [[v]| 4-

2. Coercive : there exists m > 0, such that for every v € H,a(v,v) > m ||v||§{

Then eq. (1.4.4) admits a unique solution u € H and we have

1
el < — N Ll (1.4.5)
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See [Bab, Theorem 3.3.1] for its proof. We can check easily that in the weak solution frame of
eq. (1.4.1) and the function space H{(U), the left hand side of eq. (1.4.3) is a continue, coercive
bilinear mapping thanks to the uniform ellipticity condition eq. (1.4.2), and the right hand side
is a linear form since f € H~1(U). Thus, we obtain the existence and uniqueness.

Remark. In the case that a(-,-) is symmetric, the proof of Lax-Milgram theorem is simpler since
a(-,-) defines a new inner product on H. In fact, we can use directly Riesz representation to
obtain the same result.

Variational analysis frame

A second frame is variantional analysis. We state its main idea : the weak solution of eq. (1.4.3)
is equivalent to minimize the functional

v) = %/UVv-aVv—/va. (1.4.6)

Some analysis tells us that to obtain inf,c () J(v) = limp—o0 J(vp), we should have that

{Vn }nen in a bounded ball in H!(U). Then the weak compactness of Hilbert space applies and
we have a weak limit u* that
v, — ut.

Moreover, from Proposition 1.2.1 and Theorem 1.3.3 we know that J(u*) < liminf, o J(vp).
So u = u* is the minimizer and it is the unique weak solution of eq. (1.4.3).

1.4.2 Harmonic function

Harmonic function satisfies

{—AuzO in U, (1.4.7)

u=g on OU.

If we suppose that g € C?(U), we apply the theory in divergence form and get the existence of
u. In fact, the property of u is nicer than the divergence form for two reasons : it does not have
a source and it does not have perturbations of the coefficient a. In one word, its regularity is
very good. We illustrate it in the following aspect.

Harmonic function is C*

One of the most important property of harmonic function is the mean-value formula.

Proposition 1.4.1. For every u harmonic in U and for every B,.(x) C U, we have

1 1
Bo@)| )oY = 8B,

By the argument of induction, we get one corollary.

u(z) = u(y) dy. (1.4.8)

Corollary 1.4.1. For every u satisfying eq. (1.4.8), then u is harmonic in U and u € C*°(U).
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Weak solution is strong solution

A second respect to show the good regularity of harmonic function is that the weak solution and
strong solution coincide.

Proposition 1.4.2 (Weyl). Given u € Li,.(U) such that

Vo € C2(U), / uAe =0,
U

then after a modification of value at a zero measure set, u € C*°(U) and is harmonic on U.

However, the weak solution does not have such good regularity for the solution of an equation
of divergence form. We will see it later.

Maximum principle

Proposition 1.4.3 (Maximum principle). Given u harmonic in U, then in U, the mazimum of
|u| is always attained at the boundary that

a. = a, .
glelzj(IUI(w) max |u| ()

This proposition also proves the uniqueness of Dirichlet problem.

Liouville theorem

Finally, we discuss the harmonic function in whole space R?. One simple result of the mean
value principle is that

Theorem 1.4.2 (Liouville). If u is a bounded harmonic function in RY, then it is constant.

In fact, this Liouville theorem can be done better : we can classify the harmonic function in
whole space with its speed of increment of polynomial, and with polynomial speed increment,
the dimension is finite. We state the result.

Theorem 1.4.3 (Liouville). We define that

_ 1 (mpd 0 Tl (k1) _
P = {u € H, (RY), Au =0, lim r [ — o} , (1.4.9)
then Py is a vector space of polynomial and
d+k—1 d+k—2
dim(Py) = ( *k > + < Z_ ; ) (1.4.10)

This theorem is remarkable since the space of harmonic function is of infinite dimension, but
if we specify its speed, it becomes a finite subspace. A very simple example is that the harmonic
function with linear increment has a basis {x1,x9, - , 24} which increases towards d different
directions.

A final remark is that the harmonic function is not only C'°*® but also analytic, moreover we
can use the harmonic polynomial Py to realize a harmonic approximation.

Proposition 1.4.4 (Harmonic approximation). Given w a harmonic function in U, thenVk € N,Vz € U
and r > 0 such that B(z) C U, there exists a polynomial p € Py such that for every t € (0, 5],
we have

k+1
t
0= Pl e < O () 0= plago, oy (1411)
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1.5 Notation O,

The definition of O is much used in the lecture note of [AKMI18]. Its goal is to allow us to
manipulate some small random errors as that of usual O notation. The definition of Oy is

X <0,(0) < E[exp((67'X)%)] <2, (1.5.1)

where (071X); means max{6#~'X,0}. It could be used to calibrate a random error and has
many good properties. One could use the Markov inequality to obtain that

X < 0;(0) = Vz > 0,P[X > 0x] < 2exp(—z?),

so it gives an estimate of tail. Moreover, we could obtain the same estimate of the sum of a
series of random variables although we do not know its joint distribution : for a measure space
(E,S,m) and {X(2)}.cr a family of random variables, we have

V2 € OL(E), X(2) < 0,(0(2)) —> /E X (2)m(dz) < O, (cs /E 9(z)m(dz)> L (15.2)

where 0 < Cs < o0 is a constant and Cs = 1 for s > 1. See Appendix of [AKM18] for proofs and
other operations on O;.



Chapter 2

Abstract qualitative theory

In this part, we recall some theory of abstract qualitative homogenization theory. The goal is to
study the question asked in Section 1.1, especially in the equation

{ —V-.a*Vut=f inU, (2.0.1)

u=20 on OU,

, where U C R? and is open with C! boundary and f € H~*(U). We want to study its behavior
when ¢ — 0. This chapter is called a "abstract qualitative theory" since we sometimes prove
the existence of a limit by some argument of weak compactness or Birkhoff ergodic theory and
some quantity of the typical size of error is missing. That is why we develop next chapter about
quantitative theory. The study of homogenization theory in maths goes back to [PBL78] and
there are many good references and lectures on this topic. See [JKO12], [ALL10] etc. This
chapter mainly base on [Pral6a], [Pral6b] and [PS08].

2.1 H-convergence

In the following, we always suppose that a satisfies the uniform ellipticity condition that Vz, ¢ € RY, A > 0
such that
AT < € ala)g < Al

, but a can be of periodic case or stochastic case. In periodic case, we suppose that the period
is 1, while in stochastic case, we suppose that

1. Stationarity VA € F
P[T,A] = P[A].

2. Unit range correlation
YU,V € BR?),dy(W,V) >1 <= Fyw,Fy are independent.

Here dy; is the Hausdorff distance in R? and Fy, Fy/is the o-algebra generated by
/ xa; j, where i,j € {1,2,3---d},x € C°(V).
Rd

We state the theorem.

16



CHAPTER 2. ABSTRACT QUALITATIVE THEORY 17

Theorem 2.1.1 (H-convergence). In the setting of eq. (2.0.1) and both periodic or stochastic, we

have a H-convergence : there exists a constant conductance matriz a and a homogenized solution
u satisfying

-V.aVu=f iU,

{ u=>0 on OU, (2.1.1)

such that we can extract a sub-sequence of u® and have

L*(U) _
1. u€~—(—)+u
e—0

2
2. vus 29N v

e—0

2
3. acvus 29N ava.
e—0

4. [y Vuf - a*Vue 0, J; Vu-aVau.
(In the stochastic case, the theorem is stated in the sense almost surely.)

Existence of limit. There is some easy part of the theorem. By Lax-Milgram theorem, we have
for every € > 0,

[l 2oy < Al =10y -
Thus, by weak compactness in Hilbert space, up to an extraction, there exists u € H}(U) such
that

e—0

Moreover, by the Rellich theorem, this implies strong convergence in L?(U)

L*(U
w L9 g
e—0
L*(U
Same argument also assures that a®Vu® ECIN £. The main difficulty may be how to iden-

e—0
tify the limit w. Even though we had proved ¢ = aVu for some a, the forth convergence

fU Vue - atVus 2% fU Viu - aVu is not free. In fact, we have weak convergence of Vu® and

a®Vu®, but how we get the convergence of its product 7 O

The answer is reduced to the following lemma.

2.1.1 Div-Curl theorem

The following theorem is the key of the proof of the qualitative homogenization theory. It appears
at first in at [Mur78] and also found in [Eva90]. See [Pral6a] for a detailed discussion and we
also adopt the version from it. Here, for a vector v € R?, the notation of divergence and curl
V -v and V x v are defined as the common sense.

d
§ awl Ui?
=1

(V X U)i7j = 8%.111' — 8xivj.

Vv
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Theorem 2.1.2 (Div-Curl theorem.). For every 1 < p < oo and %—I— ﬁ =1, given two sequences

of vectors {vp fn>0, {Wn}n>0 satisfying

. L?(U)
vl Loy + IV - vnll oy uniformly bounded, vy, — 0

L7 ()

lwnll 2o oy + IV X wnll por 1y uniformly bounded, wy, — W,

then we have
D' (U)
Uy Wy, ——> V- W,

n—o0
where D'(U) refers the space of distribution, namely the dual of D(U) = C°(U).
In our example, we will apply this theorem with one term of divergence free and one term
with curl free.
2.1.2 Periodic case
We solve at first an equation in L?(T%) that
~V-al(e+ Vo) =0, (2.1.2)

up to a constant and we call ¢, the first order corrector associated to e. It plays an important
role in the theory of homogenization. Since ¢, is periodic, we have naturally

Ve = 0.
Td
Then, thanks to the periodic, we have that
(" ) LAW) T S\ L)
a (E) <e+V¢e (E)) B /Wa e+ Vo), Ve (E) =8, (2.1.3)

A nice identity is that

() e 50 (2) = v v ()

We observe that, the product on both left hand side and right hand side is of the form "one term
of divergence free times one term of curl free". Therefore, when we pass the weak limit of an
extraction, we get the identity

va-/ aT(c + Vo) = -e.
Td

We use the canonical basis to form an identity matrix that Id = (e1,eq,---e4) and we let
I'=(V¢e,, Voey, Voroy -+ Ve, )T. Then we deduce from the above identity

(/Td(ld—kl“)a) Vi ¢
ai— </Td(ld+1“)a>, (2.1.4)

We define that
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in the periodic case. Then we have that £ = aVu. Moreover, We test the identity above with
p € CX(U), and we get that

/V(p-éVﬁ = /V<p~£
U U

= lim/ Ve -a*Vu®
U

e—0

= lim | ¢f.
U

e—0

We deduce from it that —V -aVu = f.
Finally, we observe easily that the convergence of energy

/ Vit - at Vs <% / Vi - avi,
U U
is also the result of the div-curl theorem and approximation of 1y by functions in C2°(U).

2.1.3 Stochastic case

In fact, all the proof in the stochastic case follows from that in periodic case. Except the
existence of first order corrector needs careful treatment. See [JILO12, Theorem 7.2]. We admit

its existence and force that E[V¢.] = 0, then in the step eq. (2.1.3), we have a similar result
after Birkhoff ergodic convergence that
. . 2 . 2
a” (2) (e+ve. (2)) LD g laT(e+ V)], Vo (5) LRGN (2.1.5)
£ € e—0 € e—0

This modification implies the definition
a:=E[(Id+T)a], (2.1.6)

and all the other steps of proof are exactly the same.

2.2 Two-scale expansion

Another classical idea to study the problem of homogenization is to use the perturbation of
operator, that one can assume that the operator a® has an expansion

. 1
a’ = —Zap+ —-a;t+az---
€ €

and the solution u° has also an expansion

- T T 9 T
U~ = ug (x,f) + cuq (x,f) + e ug (m,—)o~
€ € 5

and then try to establish some relations between these equations. The main spirit of this idea is
that the function u® has a good asymptotic form in global sense but is very zigzag locally. So, we
imagine that there exists a function u : U x T — R, where the first variable controls the global
information while the second controls the local information. Then, the solution u® can be seen
as a projection of this function u that
N x

u (x)—u(m,a).
This idea is later translated in a rigorous mathematical theory of homogenization in periodic
coefficients called two-scale expansion (or test with oscillating function) by [A1192]. We follow
[PS08, Chapter 19] for a nice introduction.
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2.2.1 Two-scale convergence
We introduce at first the function space with two scales.

Definition 2.2.1 (L?(U,T%), L?(U, HY(T4)), L?(U, C(T%))). For every U C R? open set with
Liptchitz boundary, we define a function space L?(U, T¢) with the norm

T /U / 1o y) P dady

A similar definition is that of L2(U, H(T4))

Hf”ZLz(U’Hl(Td)) 3:/ / |Vyf($,y)\2d:vdy
U JTd

The function norm L?(U, C(T%)) is defined for the norm

2
||f||iZ(U,C(1rd)) ::/U (SUP |u(x7y)> dz.

y€eTd

The two-scale convergence can be seen as a weak convergence of L(U, C(T%)).

Definition 2.2.2 (Two-scale convergence). {v°}.~0 is a series of functions of space L?(U), then

we denote by v® Lo vp the two-scale convergence if there is a function vy € L2(U, T¢) and for

E—
every ¢ € L?(U,C(T%)), we have

e—0

lim [ v°(z)p (x, E) dz :/ / vo(z,y)p(x,y) dedy. (2.2.1)
U € U Jrd
Remark. One observation is that if v°(z) = v (z, £) for some v € L*(U,C(T%)), we have directly

v 2 v(-,y) dy.

e—0 Td

Therefore, this definition captures the idea of two different scales.

As the weak compactness in Hilbert space, the following weak convergence theorem for two-
scale convergence is very useful.

Lemma 2.2.1 (Weak compactness of two-scale convergence). Given v bounded in H'(U), then
there exists vo € HY(U),v1 € L?(U, H'(T%)) such that the following is established :

3. Vof —2~ Vo + Vyv1.
e—0
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2.2.2 Main result
The main result of two-scale expansion is the following :

Theorem 2.2.1 (Two-scale expansion). In the setting of eq. (2.0.1) with periodic coefficients,
there exists a solution u of homogenized equation such that we have a two-scale expansion

W) =)+ 2 Y 0N, (£).

and it satisfies

—0
[[u® — wEHHl(U) : 0

Proof. By the weak compactness lemma Lemma 2.2.1 we can easily find an candidate (u,u1) € H}(U)x L2(U, H'(T%))
of the limit such that

HY(U) 2
ut ——u, u° —u,
e—0 e—0

Vu® Lo Vu+ Vyu.
E—>

The difficulty is to identify the limit (u,u;). The main tool is still the Lax-Milgram theorem :
we define the Hilbert space X = H(U) x L*(U, H*(T%)) and we have U = (4, u1) € X with the
norm , ,

U% = IVl ey + 1Vyurll ooy -

Then, we define a bilinear mapping a : X x X —, for every ® = (¢g, ¢1) € X, we define

a(®,U) = /U/Td(Vgo + Vyp1) -a(Vu+ Vyur),

then U solves a(®,U) = (g, f)r2() by verifying steps of passing to limit. The bilinear map-
ping is under the frame of Lax-Milgram, so we know its existence and uniqueness of solution.
Moreover, by verifying
ul(z? y) = (¢61 ) ¢62 ) ¢eg to ¢ed)(y)Vﬁ($)
we identify the limit is exact the solution of homogenized equation.
Finally, we calculate that

AV — Vw5||iQ(U) < <a6 (Vu6 —u(-) — Vyup (-, g)) ,Vuf —a(-) — Vyuy ('7 é)>L2(U)

< (a°Vs, VUE>L2(U) _ <(aE + aET)VuE, u(-) + Vyur ('7 é>>L2(U)

+(a (al) + Vyu (- g)) () + Yy (- g) >Lz<m

= {f, u€>L2(U) — <(a6 + aET)Vue,ﬁ(') + Vyup (', é)>L2(U)

(505 () 0% (),

The three terms converge respectively to a(U, U), —2a(U, U), a(U, U) by weak convergence or
two-scale convergence, so we get the H' convergence. O

The two-scale expansion has many applications, for example, it provides an idea to ap-
proximate the heterogeneous equation from the homogenized equation, which can reduce the
complexity of calculus. However, a direct adaption in stochastic coefficients case requires more
work.



Chapter 3

Quantitative theory by variational
analysis

In this chapter, we develop the theory of convergence in a quantitative version, since in Chap-
ter 2 especially the case with stationary stochastic coefficients, we use the ergodic convergence
theorem, which tells us nothing about the typical size of error. Thus, we lack the theoretical
support when implementing numerical algorithm. It is until recently the quantitative analysis
of homogenization obtains much progress. This chapter could be seen as a resume of [AKMIS8]
but we do not want to take all the theorems and all the proofs in the lecture since it is self-
contained book. We aim to make this chapter as a guide of book, aiming to get the main idea
and understand some important and useful theorems in it.

In stead of focusing on the cell problem, in [AKMI18] we take sometimes the viewpoint of the

m m d
problem in large scale. For example, we define the area [, = (—37, 32 ) and try to solve the

equation with boundary condition [,(z) =p -z

{ —V . aV'u, = O mn Dm7 (301)

u=1Ip, on 0,,.

We write the solution of this problem u(-,0,,,p), then it relates closely to the solution of

R VAR Bk v S
:Ym a® Vu 0 inQ, (3.0.2)
U =1, on 0],
by a scaling transform
u? " () =37 u(3™, O, p). (3.0.3)

The difference is that the equation eq. (3.0.1) provides a new viewpoint. In cell problem,
we take ¢ — 0 and here we take m — oo with fixed affine boundary condition. Although the
divergence form operator —V - aV is not as good as that of harmonic —A, we still hope that
in large scale, it has some similar effect of harmonic equation and the solution w(-,d,,, p) looks
like the affine function [, in some sense. The quantitative theory starts from this point and
we will discuss it in Section 3.1. In fact, we can do better to get a complete Liouville theory
like Theorem 1.4.3, which will be discussed in Section 3.3. Finally, we can also prove some
quantitative version analysis of corrector and use them to get quantitative analysis of two-scale
expansion (Section 3.4).

22
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e
i
S/

Figure 3.1: An image shows the behavior of the solution u(-,0,,,p) of eq. (3.0.1). When we
fix the affine boundary condition and enlarge the domain, the solution u(-,,,,p) looks like an
affine function in large scale.

Section 3.1, Section 3.2, Section 3.3 and Section 3.4 resume the results respectively in
[AKMI18, Chapter 1, Chapter 2, Chapter 3 and Chapter 6]. We remark that for easily explain-
ing the proof, the authors suppose that a is symmetric in these chapters, but we can also drop
this condition by similar argument and more careful treatment in several steps. See [AKMIS,
Chapter 10] for this remark.

3.1 Quantitative version of H-convergence

In this part, we study a quantitative version of Theorem 2.1.1. As we have proved in Theo-
rem 2.1.1, we know that the limit of eq. (3.0.2) is exactly [, and we apply eq. (3.0.3) to get

1 1 1
— =Vu(-,0,,p) -a(-)Vu(-,Opn, p) TR Zp-ap,  a.s.
Ol Jo, 2 2
If we interpret left hand side as an average energy, what we will prove in this section is that we
can use the convergence of this quantity to measure the speed of convergence in the topology L?
and weak H! etc.

3.1.1 Observable of average energy

We give at first some more precise description about the argument at the beginning and a
heuristic analogue why it should work.

As we know, that solution of elliptic equation can be transformed to a problem of minimiza-
tion. If we define the unit area energy that

1 1
= i [ 5 an (3.1.1)

then its minimum is attained by the solution of elliptic equation eq. (3.0.1) for the same boundary
condition but in domain U C R? with Liptchitz boundary, and we denote it by u(-,U,p). This
quantity has many interesting properties, the following two are easy to verify but very important.



CHAPTER 3. QUANTITATIVE THEORY BY VARIATIONAL ANALYSIS 24
Proposition 3.1.1. 1. Quadratic response. For every w € l, + H}(U), we have
1/|v V|2<1/1V av (U)<A/|V Vol (3.12)
—_— w— Vu|© < — —Vw - w—vU,P)x 5777 w — Vou|~. 1.
20U Jy Ul Ju 2 2[U] Ju
2. Sub-additive The quantity v is sub-additive i.e for a disjoint union U = U}_,U;, we have

Proof. The proof of eq. (3.1.2) is a direct calculus, while the proof of eq. (3.1.3) depends on a
construction of sub-minimiser

v(U;, p). (3.1.3)

n

(wUp) = Zu Uiy 0) 1y, (3.1.4)

i=1
since the boundary condition coincide. We test it in the eq. (3.1.1) and get the desired result. [

If we apply the result eq. (3.1.3) in the partition of [J,,

Dm—l
D M e =)
2€3m—174dn0,, m

We take expectation and use the stationarity to obtain that

E[v(Om,p)] < E[v(On-1,p)]-
We adapt the notation here and the theorem Theorem 2.1.1 that

m oo 1 —
v (O, p) == 50 ap.

and by the sub-additive ergodic theory we also know that

1 .

Jp-ap= n}gnooIE[z/(Dm,p)].
One interpretation is that v(0,,, p) serves as the unit area energy decreases to a limit. Our main
theory of quantitative theory is that we can measure the H-convergence by the convergence of
the unit area energy v(0J,,,p). Readers can draw an analogue with the well known Schaffé’s
lemma in probability : A series of integrable random variables {X,, },>0 converge almost surely

to a integrable random variable X, then if E[X,,] = E[X], we have X,, L X. Therefore,
n—oQ

the convergence of an observable does imply a stronger L' convergence.

Proposition 3.1.2 (Quantitative L?). We define a quantity w(n)

w(n) = pS&}lé)l (IE (O, p)] - %p - ép> : (3.1.5)

then there exists 0 < C(d,A) < oo satisfying that for every m € N,

IE{ ] < O(dA) (3*%m+w([2])) (3.1.6)

E 372" lu(,Omep) = bl 2, < €@ (37 +w([F]))- (3.1.7)

1
v(Om,p) — oP-ap
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The weak convergence can also be described by some quantity. However, we should give a
good metric to describe the weak H' convergence. We define that

1
”f”E’l(U) = sup{‘m/Ufg‘ cg € HY(U), 91l 2 1y < 1}

and we can prove that the topology under this norm is equivalent with the weak L? topology
(See [AKMI18, Exercise 1.4]) i.e

L2(U) . B
fo o= = fllg-r gy =0

So, the quantitative version of weak H' convergence is the following :

Proposition 3.1.3 (Quantitative weak H'). We define another quantity

Nl

m

E(m) = Z?;"*m 1 Z sup

1
v(z+0n,p) — 5p-ap ;o (3.1.8)
|3nZd n Dm| cesnzanO,, pEB,

2

n=0
then there exists 0 < C(d,A) < oo satisfying that for every m € N
—2m 2 —2m =12 —2m
3 2 ||Vu(7|:|’map) _p||E71(Dm) + 3 2 ||avu(7|:|’m?p) - apHﬁfl(Dm) g C(d7 A) (3 2 + 5(m)) :
We see that £(m) is a weighted combination of some w(n), and their quantities are random

variables, which converge to 0 with a unknown speed. They will be discussed in a more details
way in Section 3.2.

3.1.2 Renormalization group argument

The renormalization group argument says just we can divide the problem in some small scale
and solve it. We start from the proof of Proposition 3.1.2.

Proof of first part Proposition 3.1.2. We apply at first the bias-variance decomposition
d

We use a quantity E[v(0,,p)],n € N,0 < n < m as an intermediate random variable and further
develop the above inequality that
2E [(V(Drmp) - E[V(Dmp)DJr]

< 2E [(v(Om,p) — E(Tn,p))), ]

(Cauchy-Schwartz) < 2E [(V(Dm,p) — ]E[I/(Dmp)})i] +2w(n) + w(m)

| < B0 - EWOn ]+ B [EW(On.0)] - o2

< 2E [(v(On,p) — E[v(Om, p)]) 1] +w(m)

1
v(Om,p) — oP-ap

N

V(Dnup) - 1p : ép Q(E[V(D,,“p)] - ]E[V(Dnup)]) + w(m)

2

2w(n) + w(m)

e

N

The following lemma is the key of the renormalization group argument and shows the spirit to
manipulate different scales.
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Lemma 3.1.1 (Renormalization inequality). There exists 0 < C(d,A) < oo such that for all
tnteger 0 <n < m < oo

E[Q&Dmdm-—Eh(DnJﬂDi]g(Xd#QB‘“m‘m. (3.1.9)

Proof. By the sub-additive eq. (3.1.3), we have

D" —d(m—n
D DI = =" R DI RPN}
z€3nzdnd,, ' 2€3n724n0,,

Since ()i is monotone, we put the right hand side quantity into the inequality that we want to
control have the estimate

E[(0(0m,p) - EW@n,p))}] < E[(379" 3" u(z 4 0n,p) - EW(On,p)
ze3nzand,,
+
< 3yt 3 B[+ Oup) - Ep(Op))’
ze3nZend,,
= 374m=1) 34 Var [v(0,, p)]
< CO(d, M)z

The second inequality comes from the fact that if z+40J,, are not neighbors, they are independent.
And the third inequality use the control of the variance of v(0J,, p), which is of course bounded
by the eq. (3.1.2). O

Using Lemma 3.1.1, we obtain that

-

and we take n = || to finish the first part of the proposition. O

Ui, p) P ap

}éCMA) 5(m=n) 4 95(n) + w(m),

The second part of Proposition 3.1.2 and Proposition 3.1.3 follow the same spirit, but some-
times some more techniques are used in the proof. We send reader to [AKM18, Proposition 1.4,
Proposition 1.5] for their proof.

3.2 Estimate of a functional

The next goal may be to find a good estimate for the quantity w(n). Instead of studying it
directly, in [AKM18, Chapter 2], the authors define its dual quantity

1
v*(U,q) = sup (/ —Vv-aVuv+q- Vv) (3.2.1)
vem @) \|U| Ju 2

and propose to study another quantity that
JWU,p,q) :==v(Up)+v'Uq —p-q (3.2.2)

The motivation to do this transform is that by subtracting a dual quantity, the value J(U, p, q)
behaves like linear in large scale, which is the following theorem :
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Theorem 3.2.1. Vs € (0,d),3a(d, A) € (0,3) and 0 < C(s,d, A) < oo such that

1 1
‘J(Dmp, q) — (21? ap+ 5 alg—p- q) ‘ < O3 L 0y (C37).

With this analysis in hand, one can go back to the quantitative analysis of H-convergence
and get their complete description.

3.3 Liouville regularity in large scale

The harmonic equation on the whole space has a nice regularity as described in Theorem 1.4.3,
but it is not the case of a general for a general operator of divergence form. For example, in
random walk context, we can construct a biased random walk that has probability p € (0,1) to
return to the origin, and then the hitting probability defines a non-trivial harmonic function on
whole space.

However, [AKM18, Chapter 3] states a remarkable result :

Theorem 3.3.1 (Liouville theorem for a-harmonic). We define
A = {u e H- (R, -V -aVu =0 in R?, lim r~*+D) lull 25, 0)) = 0} ; (3.3.1)
T—>00 = "

and Ay, as the similar definition by replacing a with a. Then, we have

dim(Ay) = dim(Ay,) = (d+ Z a 1) + (dzk; 2)'

Moreover, Vs € (0,d),35(s,d,A) € (0,3] and a random variable X; < O4(C(s,d,A)) allowing
us to do a correspondence between Ay and Ay for every k € N : 3C(k,d, A),Vu € Ay, Ip € A;
and VR > X, we have

lu—=pllL2p, < Clk,d, A)R™? 1Pl L2 (5 -
Reciprocally, Vp € Ay, Ju € Ay, we can have the same estimate above.

That says in the large scale, the random operator —V - aV improves the regularity. We
remark that this result is later generalized in the context of the infinite cluster of percolation in
[AD].

3.4 Two-scale expansion

The analysis above and the methods used in their proof allows us to give a complete quantitative
description of the two-scale expansion in a stochastic coefficient context. Since we will prove a
variant version in the following chapter, we do not repeat the result here. We send the readers
to [AKM18, Chapter 6] and Section 4.3.



Chapter 4

Study of an iterative method

This chapter is adapted from one final project during my internship on an iterative algorithm
solving the heterogeneous equation.

4.1 Introduction

4.1.1 Main theorem

The problem of homogenization is a subject widely studied in mathematics and other disciplines
for its applications and interesting properties. We study the following elliptic equation where a
stands for the coefficient of conductance and it is random, stationary defined with correlation
distance 1 and uniformly elliptic in our context. Moreover, r > 0, U,. = rU stands the area of the
equation and usually the r is very big in concrete example. The source function is f € H~1(U,.)
and we try to find the solution in standard Sobolev space u € g + H} (U,) ¢ HY(U,.).

{ —V.-aVu=f inU,

u=g on OU,. (4.1.1)

However, the numerical algorithm for this problem is generally very expensive for the reason
of the high oscillation on the coefficients. [AHIKMI18] proposes an iterative algorithm, which gives
one approach to solve it quickly. The object of this article is to obtain a good uniform bound for
this algorithm. We remark that both the algorithm and this article benefit a lot from a series
of work [AS16], [AKMI6], [AKM17] where we get a further progress in the context of stochastic
homogenization and especially a quantitative estimate of the large scale regularity and first order
corrector. Especially, [Moul6] designs an efficient method to calculate the effective matrix a,
which provides us possibility to find new algorithms.

We give a quick introduction of the necessary notations and the main theorem. we have a
probability space (2, F,P) and we denote Fy the o-algebra generated by

/ xai,j, where 4,5 € {1,2,3---d},x € CZ(V).
Rd
F is short for Fra. T}, denotes an operator of translation i.e

Ty(a)(z) = a(z +y).

In our context, we treat the stochastic homogenization problem where a represents a station-
ary random conductance of correlation distance 1 which satisfies the uniform elliptic condition.

28
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1. Stationarity VA € F
P[T,A] = P[A].
2. Unit range correlation
YU,V € BR?),dy(W,V) >1 <= Fyw,Fy are independent.
Here dy is the Hausdorff distance in R.

3. Uniform ellipticity condition Yz, & € R%,IA > 0 such that

ATHEP < € a(z)é < AP

In the theory of homogenization, we use a to represent the homogenized operator or effective
conductance in large scale, which is a constant matrix. See [AKM18] for further details.

To calibrate the size of a random variable X, we use two parameters s, > 0 and the notation
O which is defined by
X €04(1) <= Elexp((X V0)%)] < 2.

Informal by speaking, the statement X < O4(1) tells us that X has a tail lighter than exp(—x*).
We note also that X < O,(0) iff % < O4(1). Our main theorem is that :

Theorem 4.1.1 (H! contraction). Given a domain U a bounded Borel set of RY with C*!
boundary, for every r > 2, there exists an F-measurable random variable Z satisfying, for every
s € (0,2), there is a constant 0 < C(U, A, s,d) < oo, such that

2 <0, (CWU,A,5,d)(logr)?),
where (N\) is defined as

2,
) (4.1.2)

Vol

1) = { (log(1 +A7))k d

and Z serves as a random factor of an iteration, such that the following holds:
Setting U, = rU and X € (+,1), for every f € H-(U,),g € H'(U,),v € g+ H}(U,) and
u € g+ HE(U,) the solution of eq. (4.1.1), let ug,u,u € HE(U) solve

(A2 —-V-aV)ug = f+V-aVo in Uy,
-V -aVu = Aug in Uy, (4.1.3)
(AN —-V-aV)u =\ -V-aV)a inU,.

For ¥ := v + ug + u, we have the concentration estimate
. 1.1
19— ull g2 v,y <UN)2ZA2Z]|v — ul| g1 o,y (4.1.4)

Thus, in this algorithm, the random factor Z is determined by the dimension, the random
conductance a and the size of the area U,.. We can apply this algorithm for any suitable data
and with a choice A by ourselves. We start from an initial guess of solution v, for example, we
take g as a trial and then iterate it. It suffices to take a small A to reduce the effect of the typical
constant of Z, then we have large probability to have a contraction factor small than 1 and this
will give us an exponential convergence since the contraction factor has a uniform bound for all
data.
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4.1.2 Heuristic analysis of algorithm

We give some very intuitive idea why this iteration can approximate the solution of eq. (4.1.1).
Its philosophy is similar to the multi-scale algorithm. Each time we start with an initial guess
of the solution v, then we write u = v + (u — v) and we want to recover the part (v — v). Since
the divergence form is linear, we have

-V-aV(u—v)=-V-aVu+V-aVu = f+ V. aVv,

so by the sense of weak solution, we have

1
(u—v) =arg min / —Vy-ap+ Vv -ap— fo.
w€H (Ur) Ju, 2

Instead of resolving this problem of minimization, we add some regularization to the problem
and try to solve

1 A2
up = arg min / —Vy-ap+ —¢>+Vuv-ap— fo.
eeH (U, Ju, 2 2

This is exactly the first equation in the iteration and by the classical optimization theory, when
A goes to 0, ug converges to (v —v) and in the regularized optimization problem, uy recovers the
high oscillating part or the more detailed part of (u — v). Informally, we write

(u—v) = (u— V)high + (U — V)iow,

such that

/\2/ (u — U)%Ligh = o(1) / V(u— U)high, -aV(u— 'U)high,a
U, U,

T

A2 /U (=2, = 0(1) /U V(= )1ons - AV (1 — V)10

T

Therefore, after the first iteration, we do not get all the information of (u—v) but uy = (u—v)nign
and the second and third equation serve to recover (u — v)joy of (u — v). In fact, if we believe
that @ = (u — v — ug) &~ (4 — V)0 the direct idea is still to solve

—V-aVu= -V -aV(u—v—ug) = \u. (4.1.5)

We want to solve a regularized problem instead of an original problem. That is, on the left hand
side, we hope to appear (A2 — V -aV)u. But this operation will have more or less effect on the
right hand because eq. (4.1.5) tries to solve

~ . 1
u A arg min / —Vy-aVe — XNupp,
weHF(U,) Ju, 2
and it attains minimum by @ & (u — v)j0w. S0, adding one term of regularization means adding
2 ~ .
one term of energy [, 2-¢?. When ¢ = U ~ (4 —1v)i0w, this term cannot be neglected compared
to fU %V(p -aV. For this reason, the corresponding optimization problem should be like

2

~ 1 A -
U~ arg min / —Vy-aVe+ —¢? — Nugp — Nup. (4.1.6)
peHL(U) Ju, 2 2
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However, © cannot appear in the objective function to be minimized. That is why we introduce
the second equation in the iteration. As a homogenized equation,

~V-aVu=-V-aV(u—v—up) = Nuo, (4.1.7)

implies that in ﬁ”ﬂ — (u—v =o)Lz, 2% 0 in classical homogenization theory, see for
example [JIXO12]. So in L? weak sense, we have 4 ~ (u — v — ug) =~ U, then we replace u by u
in eq. (4.1.6) to get

2

~ 1 A _
u =arg min / —Vip-aVe+ —¢? — Nugp — Nap.
peH (U Ju, 2 2

Then it turns out to be the third equation in eq. (4.1.1)
(AN =V -aV)u = N (ug + 1) = (\* —V-aV)u. (4.1.8)

First guess v e g+ HNU,)

v

e U=04+(u—1)

(U - t') = (U|_ T)hﬁgh + (H — t')!'ou'
‘ eq. 1
(M =V -aVug = -V -aV(u—1)
= —V.-aVu, = =V -aV(u — 1)

¥ eq.2 *
Tteration —V-.aVi=-V-.aV(u—v—u) [N -V .aV)i= (N -V.aV)zu

eq.3

V=1 = 2= N u—v —ug) = Na = (M —V.aV)i=Xu—-V-aV(u—1v —uy)

'

= —V.aVi~ -V -aV(u— 1)

v

=V -aV(ug + i) = =V - aV[(u — )nign + (1 — 2 )iu]

1= vH4uy +u

Figure 4.1: A flowchart shows the mechanic of the algorithm

Finally, we add some remarks on the choice of A. We insist solving regularized equation
in stead of the original one for the efficiency in numeric and, generally speaking, a big A gives
better stability in numeric schema. On the other hand, we know the algorithm converges when
the factor is less than 1, which implies a choice of small A so that it happens in high probability.
So we have to do good equilibrium between a smaller contraction factor and a better numerical
stability. Here, one typical recommendation of choice is 1 > A > %

4.1.3 Connection with previous work

The strategy and main structure used in this article come from [AHKM18] and [AKM18, Chapter
6], some improvement is also inspired by the classical work of two-scale expansion in periodic
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context. The following part talks about the main idea of the proof and the improvement compared
to the previous work.

At the very beginning, we recall the two-scale expansion, a very useful concept in the theory
of homogenization. It first appears in a similar problem as eq. (4.1.1) but in periodic context:
Let a stands the conductance matrix with coefficient of period € and a its homogenized matrix
and they determine a set of functions {¢.}.cra called (first order) corrector for every e € RY
and for every g € HY(U) and u®,u € g + Hg(U) such that

~V-a () Ve =-V.ava, (4.1.9)
€

we can use two-scale expansion (of first order), namely a linear combination of 4 and corrector
associated to d canonical unit vectors ey

d
W =AY 0 de, (g) (4.1.10)
k=1

to approximate the solution u° in the sense H'!

[0 = uf || i (1) < O(VE). (4.1.11)

See [Al192] for detailed introduction. This is a very nice idea since in periodic context, the
corrector can be computed directly by a without other knowledge. Then, eq. (4.1.10) gives us a
quick numerical solution, that is to use the two-scale expansion as an approximated solution of
the equation. See for example [HW97] and [ABO5].

In random conductance context, there are similar ideas as two-scale expansion, but to trans-
form them to a numerical algorithm is difficult for two reasons : Firstly, different from deter-
ministic situation, the corrector cannot be computed explicitly. Thus, some other pre-treatment
like oversampling should be applied if we hope to obtain eq. (4.1.10) Secondly, a quantitative
description of corrector like eq. (4.1.11) in random conductance context is absent for long time.

Thanks to the recent progress in quantitative description of the corrector in stochastic ho-
mogenization, we now solve the second difficulty mentioned above. See [AKMI8, Chapter 6]
for its proof. This also gives us possibility to calibrate some numerical algorithms in stochastic
context. In [AHKMI18], the algorithm in Theorem 4.1.1 is proposed for the first time under the
same condition, but it states its result as

19— ull g0,y < Os (C(U,A, s, d)IZ (A7 v — u||ﬂl(Ur)) . (4.1.12)

and it uses the two-scale expansion as a tool rather than to approximate directly the solution
of eq. (4.1.1). Since the proof in this artilce follows generally the similar main steps to that in
[AHKMI18]. We give the plot to readers.

1. Step 1 : Prove a modified two-scale expansion theorem. We hope to work in one equation
similar to eq. (4.1.9) but with one term of regularization like

(uQ—V-a(é)) Vit = (42— V-aV) i (4.1.13)

Its proof contains two parts and the first part is like in periodic situation which is deter-
ministic, and it corresponds to the first two subsections of Section 4.3.

2. Step 2 : Do some quantitative analysis of corrector. This part aims to conclude the result
from the first step and randomness comes to the analysis. It corresponds to the last two
subsections of Section 4.3.
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3. Step & : Apply the two-scale expansion lemma in algorithm. From Section 4.1.2, we get
two equations eq. (4.1.7), eq. (4.1.8) which are two combinations from eq. (4.1.3). They
satisfy exactly the condition of eq. (4.1.13). So we do

I0+u0+7) — ull gy < o — (w—v —w)lgrwy + i - wlgrw,y,  (41.14)

and apply the two-scale expansion theorem twice on the right hand side. This part will be
done in Section 4.4.

Finally, we state the contribution and improvement in this article. If we check the result in
eq. (4.1.4) and eq. (4.1.12), we see that the result in former improves in the sense :

e Bound in eq. (4.1.4) is a uniform while the bound in eq. (4.1.12) depends on data. The
price is that we add a small factor of (logr)*.

This improvement is necessary for this algorithm : if the bound varies with respect with the
function, since the function also changes, we do not know if the algorithm really converges. The
worst situation can be that the algorithm has bad chance and always goes to function with even
larger bound. In order to separate the random factor Z aside, we have to do precise estimate in
Step 2. More precisely, one technical task is to estimate a term like ||(Ve, x ®x-1)0z, 20, )
where (Ve, * ®-1) is random and # is deterministic. We want to show

[(Vée, * Pr-1)0,ull 2w,y < [[Ver * a-1|Loo () 102, Ul L2 (v,

But we only have the point-wise estimate and their linear combination of (V¢., * ®,-1) on hand
rather than the type of L> norm. So, we use a technique of localization from [AKM18, Chapter
6] to change the right hand side in a discrete version and then we handle it. Section 4.2 is
devoted to this technical estimate and we prove a new Lemma 4.2.2, which did not appear in the
previous references. We remark that for the reason to apply these new technique, the definition
of two-scale expansion theorem 4.3.1 is a little different from that in [AHKMIS].

4.1.4 Organization of paper

In the rest of the article, we give the proof of theorem 4.1.1. In section 4.2, we give two lemmas
that improve or generalize the technique of [AKM18] in our context. The rest is to reformulate
our technique in the structure of [AHICMI18]. In section 4.3, we prove a theorem of two-scale
expansion which will be heavily used in the later part. Finally, in section 4.4, we combine all the
results and obtain the main theorem.

4.2 Two technical lemmas

In this section, we prove two useful lemmas that will be used in later work. A formula similar
to lemma 4.2.1 can be found in [AKMI8, Lemme 6.7]. Here we introduce a variant version and
it works well together with lemma 4.2.2.

4.2.1 An inequality of localization

Lemma 4.2.1 (Mixed norm). There exists a constant 0 < C(d) < oo such that for every
g, f € LA (R?) and every e > 0,7 > 2, we have the following inequality

z€eZ4NU,

£ (g C)llLzw,) < C(d) ( max ||f||L2(z+sDo)) 9|l L2, +2:000)- (4.2.1)
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Proof.
1
7Gx Moy = g 2 o ClEaereny
z€eZ4NU,
. - . 1
(oider's mequality) < 32 (I sy o * Gl ey
" zeezdnU,

N

1
U|< max ||f%2(z+ggo)> S gx Gl oreny)

z€eZ4NU,.
z€eZ4NU,.

Noticing that Va € z + (g,

lgxCe(@)] =

/EDO g(z — y)sidé‘(%) dy‘

cw |
< 9(y)l dy

S

1

c(d 2 1
< DO lawPay) el

€ z+2ely

c(d
< Digliserneny.

So we get
C(d)
1% CellLoo (z42000) < e 91l 22 (=42c00)>

and we add this analysis in the former inequality and obtain that

1 1
%2 < C)|— 2 3 2
[1f(g* (s)HL U, (d) =d Zeg%%%([]r Hf||L2(z+5DO) 0, L ||9||L2(z+2sDO)
_ 2 2
= ) max, 11een ) 90,000
This is the desired inequality. O

4.2.2 Maximum of finite number of random variables of type O(1)

Since (maxzeEZdQUT fllezc: +5Do)) often appears in the next paragraph as the maximum of a
family of random variables, we prepare a lemma to analyze the maximum of a finite number of
random variables of type O4(1). Note that we do not make any assumptions on the joint law of
the random variables.

Lemma 4.2.2. For all N > 1 and a family of random wvariables {X;}1<i<n satisfying that

X; < O4(1), we have
log(2N) d
i ] < —_— 2.
(s x) <o (<log<3/2>) ) 422

Proof. By the Markov inequality,

s

X; < Os(l) — ]P)[Xl > !)3] < 2e7 %
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By a union bound, we get

P { max X; > x}
1<iKN

D)

i=1

N
< (1 AN PIX; > x])
i=1
< 1A2Ne ™.
We denote by xg the critical point such that e = 2N and we set M = max i<y X; and a >0
such that a® > 2 which will be chosen carefully later. Then we use the Fubini formula

= / e’ dy + 2N e~v@ =1 gy
0 (20)°
= () 1)+ 2N~ (2)@-1)
a® —1
1

< 202N)w — 1
log(2N)
= e a®

=

Now we fix a = (llgg((;/l\g) , for the case N > 2, we have

v = (eerm) > (atm) > (o)) =>

so by the definition of Oy
E lexp <<M) >] < 2e08(/2) _ 1 =9
a/+

For the case N = 1, we could check that eq. (4.2.2) is also established since

M=X,<0,(1) = M <0, <1i§f(5§;1)2)>.

This finishes the proof. O
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4.3 A modified two-scale expansion estimate

4.3.1 Main structure

One important inspiration of this algorithm may be the two-scale expansion, which says that we
can approximate the solution of eq. (4.1.1) by the solution of the homogenized equation and the
first order corrector ¢.. At first, we give its definition.

Definition 4.3.1 (First order corrector). For each e € R?, the corrector ¢, is the sublinear
function satisfying that e -  + ¢. is a-harmonic in whole space R? i.e

~V-a(e+Vg¢,) =0, in R (4.3.1)
¢ is defined up to a constant.

The properties of the correctors are recently developed in [AKM18]. We just remark that
the set correctors forms a vector space that we can associate every d canonical unit vector e a
first order corrector ¢.,. The reader can also find the quantitative description of the two-scale
expansion in [AKM18, Chapter 6]. The idea here is to use a (A2 — V - aV) version of two-scale
expansion to evaluate the difference between the solution of the iteration and the real one.

Theorem 4.3.1 (Two-scale estimate). There ezists a constant 0 < C(U, A, d) < oo, F-measurable
random variables X1, X2, V1, and for each s € (0,2), there exists a constant C'(U, s,d) such that
for every A € (L, 3],r > 2 and v € H§(U,) N H*(U,), we define

¢9) = Pe — Pex -1
d

w o= 0+ Y Oa (0% )8l
k=1

which is a two-scale expansion. For every p € [0, and v € H}(U) such that

(2 —=V-aVv=(u>-V-aV)o inU,
{ V=17 on OU, (4.3.2)
we have the H' estimate
v —wl g1,y < CU, A, d) [||v||H2(UT) + (Ioll g2,y + wllol grw,)) X
+ (1210 s I,y + 1Bl 0, )
1 1 1 i 2 _
(100 (1 7+ 15 ) 1ol Bl + Tl ) 94
and Xy, Xo, V1 satisfy that
X <O, (c’(U,s,d)Z(A)(logr)%) L <O, (0’(U, s,d)A\% (log r)%) . (4.3.4)
W <O, (0/(U,s,d)z(A)(1ogr)%) . (4.3.5)

Remark. The explicit expression of X7, X5,); will be given later in the proof. They could be
seen as the maximum of local spatial average of gradient and flux of first order corrector.
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Proof. We give at first the proof of deterministic part. We will see that the errors can finally
be reduced to the estimates of two norms : the interior error term and a boundary layer term.
The latter boundary layer term comes to the fact that v and w do not have the same boundary
condition. So we propose b the solution of the equation

(W2 —V-av)b=0 in U,,
4.3.6
{ b(a) = 0 0n (0% Q)% on AU, (4.3.6)

Then w — b shares the same boundary condition as v. So, we have
v —wllg @, < llv+b=wlgmw,) +bllg @, (4.3.7)

and we do estimates of the two parts respectively.

e Estimate for z. We denote z := v+ b —w € HZ(U,), that is why we regard it as the
source of error in interior part. Since z € HJ (U,), we test it in eq. (4.3.2) and eq. (4.3.6)

u2/ zv+/ Vz-aVv = /ﬂ/ zz?—i—/ Vz-aVo
U U, U, U,

,u2/ zb+ Vz-aVb = 0.
8 U,

We do the sum to obtain that

u2/ z(v—l—b)—i—/ Vz-aV(v—l—b):uQ/ z17+/ Vz-aVo.
U, U, U, U

Using the fact v +b = z + w, we obtain

/f/ \z|2+/ Vz-aVz:/f/ z2(v—w) + Vz-(aVv —aVuw).
U, U, U U,

r

and we apply the uniform ellipticity condition to obtain

N

P22l 2o 1w = oll 2o,

izl zr @) IV -aVw =V - aVol g-1y,)

P2z w,) + ATHIVEIL 0,

2
- . n _
(Young’s inequality) < ,u2||z||2£2(UT) + v l|w — ’l}sz(Ur)

AT A —T |2
+ 9 ||Z||£1(Ur)+§|\van—VaVvHﬂfl(UT)

We use Poincaré’s inequality to conclude that

e Estimate for b. To estimate b we use the property that it is the optimizer of the problem

J = inf uz/ X2 da:Jr/ Vx -aVyxdz.
x€b+Hj(Uy) U,

r
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So we give an upper bound of this functional by a sub-optimizer

d
Ty = (1Rd\UT,21m * Cl()\)) Z Oay, (T 5 )Y,

k=1
where U, 9;(») is defined as
Ur 210 = {7z € Upld(z,0U,) > 2l1(N\)}.

The motivation to propose this sub-optimizer is the following : If we think the solution
of elliptic equation is an average in some sense of the boundary value, then when the
coefficient is oscillating, the boundary value is hard to propagate. So one naive candidate
is just smoothing the boundary value in a small band of length 2I(\).

By comparison,

,ﬁ/ |b|2+/ Vb-aVb < ,ﬂ/ |T,\|2+/ VTy -aVT)
Ur Ur Uy- UT

= |Vbll2w,y < VA2, + AV L2w,)-

Moreover, to estimate the L? norm, we use once again the Poincaré’s inequality

16— T+ Txll L2,

16— TxllL2w,y + 1TallL2 v,

V(o =T\l 2w,) + 1T 22w,

TIVoll 2w,y + TIIVTallL2w,) + 1Tl 22w, )-

161l 2(v,

(Poincaré’s inequality)

IN NN

We combine the two and get an estimate of b
1

b = —|b +||Vb
161l 22 0 |UT|%H 2w, + VOl 2w,

1
cU) (T||T,\||L2(U,,.) + uVA| o L2,y + (1 + A)|VTA||L2(U,,.)) :

N

Finally, we put all the estimates above into eq. (4.3.7)

1
HIV T2y + G+ wITl) ). (4.3.90)

To complete the proof of theorem 4.3.1, we have to treat these random norms respectively. It is
the main task of the next section. O

4.3.2 Construction of a flux corrector

A very useful technique in the analysis of [|[aVw —aVv|[ -1y, is to construct a flux corrector.
Similar formulas appear both in [AHKM 18] and [AKM18], here we give the version in our context.
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For every e € R?, since g, := a(e + V@.) — ae) defines a divergence free field, i.e. V-g. =0,
it admits a representation as the "curl" of some potential vector by Helmholtz’s theorem. That
is S, which is a skew-symmetric matrix S, such that

ale+ V¢.) —ae=V-8S,,

where V - S, is a R? valued vector defined by (V -S.); = Z?Zl 0z,Se,ij In order to "fix the
gauge", for each 4,j € {1,2,---d}, we force

Ase,ij = azjge,i - a:rige,ja
and under this condition, S, is unique up to a constant. We set also
SV =8., — S, x ®y-1.
We have the following identity.

Lemma 4.3.1. For A > 0,0 € H'(U,) and w € H'(U,) as in theorem 4.3.1. We construct a
vector field F such that
V- (aVw —aVv) =V -F,

whose i-th component is given by

d d
Z a;; —a;;)0 —v*()+ Z (a,;jgbf;;) - S, ”) Oz ; Oz, (V% Q)
J=1 J,k=1
d
+ D7 (00,Sepij * Pr-1 — 81500, be, * Py-1) D, (D% €).
j,k=1

Proof. We develop

d
[aVw —aVi], = lav (v + ) 0n, (0% g>¢g;>> —avi

k=1

l(a —a)Vi+V zd: (a,vk (5% <)¢g¢>)]

k=1

= [(@a-a)V(o —vx()]; +

I

The first term is indeed
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as in the right hand side of the identity, so we continue to study the rest of the formula.

II =

M=

(aij _al] T U*C Z az_] T ( Tk U*C)(bo\))

J 7,k=1
d
= (aij — 2i5)0z,; (U Q) + Z 20z, 0r,), (V% Q)¢ ) 4+ Z a;;0, (V* )0y qb
1 7,k=1 7,k=1

((aij — éij)éjk =+ aijawj (bg:)) Tk ’U * C Z am@% 8“ (’U * C)(bo\) .

1 J,k=1

S S .
M= M= L

<.

II.1 I1.2

I1.2 appears in the right hand side of the formula, so it remains II.1 to treat. We use the the
definition of S in IT.1

M=

1 = [a(ek + V) — aek} 0y, (T%0)

=
Il
-

[
M=

[a(er + Ve, ) —aep —aVe, x Py-1]; 0y, (0% ()

=
Il
—

[
M=

[V-S., —aVoe, x Pr-1]; 0y (U ()

=
I
—

[
M=~

d
[v : sgﬂ D (55 Q)+ 3 [V Sk @yt —aViey, x By 1], Do, (0 %0).
! k=1

=
Il
—

III

All the terms match well except III, where we have to look for an equal form after divergence.
Thanks to the property of skew-symmetry, we have

d
V-III = V. (Z [v SW} ‘ Ik(u*g)>
k=1
d
(A _
= 3 o, (a s, (v*g))
i, k=1
d
(Integration by parts) = Z O, Oz, ( gi)”azk (v* C)) — O, (Sg:)” Ou; O, (V% ())
i, k=1
(Skew-symmetry of S) = —-V- Z Sek i On; 0, (V% Q)
7,k=1
This finishes the proof. O

. . . . )\ >\
4.3.3 Quantitative description of ¢£k) and Sék)

In this subsection, we will give some quantitative description of qséi) and 822)7 which could be
seen as the spatial average of the corrector in cell and serves as the bricks to form X7, Xy, V.
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Lemma 4.3.2 (Estimate of corrector). For each s € (0,2) there exists a constant 0 < C(s, A, d) < oo
such that for every A € (0,1), 4,5,k € {1,---d},z € Z¢

d
2

Ve, x @r-1]l2:400) < Os(CA2), VSeyij * @a-1llL2(z40,) < OS(CA%),
A
16 22100y < Os(CUA)),  ISEY Nl k22 1010) < Os(CUN)).

Proof. We talk only about the part ¢£i). [AIKKM18, Theorem 4.1] gives us three useful estimates

e d>21r>1,
Ve, * @y < O(C(s,d, A)r~?) (4.3.10)

e d> 3,
P, llL2(my) < O2(C(d, A)) (4.3.11)

e d=22<r<R<oo,r,ycR?
ber, — bep % Pr(0)]| L2 vy < Os(C(s, A) log? 7) (4.3.12a)

[(Pey. * Pr) () = (Pe, * Pr)(Y)| < Os <C(3,A) log? (2 + W)) . (4.3.12b)

and moreover when d > 3 there exists a Z¢ stationary ¢, by choice E [fljo ¢ek] =0.

1. Proof of [V, * 1120210, < Os(CA2).

The first inequality implies ||gz5£2) L2 (z4000) < OS(C’Z% (\)) : by choosing 7 = ™! and using
eq. (1.5.2), we have

Ve, *Pr-1(z)] < O (CA?)

= Ve, xPr-1(2)]* < O42(C2AY)

:/ Ve, * @y (@)Pde < O,n(C2AY
z+0o

— Ve * Prill2ermy) < Os(CAT).

2. Proof that if d > 3, then ||¢§2) | L2(24+00) < Os(C). We apply the second inequality and use
the stationarity of ¢ to get that

16V 12 (o +00) < 1Ber |2 o4 00) + [Ber * a1 llL2(s104)

where the first one has been controlled. In fact, by the stationarity we have ||¢e, || L2(-40,) < O2(C(d, A)),

this means for every s € (0,2),
Ibenllzz(ar0) \ 2
TR TS \RFTE0) <2
o (( C(d, A) >+

H¢€k||£2(z+‘:’0) °

= [[per L2400 < Os(C(d, A)).

E
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Thus we focus on the second one that

2 _
160 % [2aesty = / N

v/Z-'rDo

(Holder’s inequality) < / ( ¢§k (x —y)Pxr-1(y) dy) (/ D1 (y) dy) dx
2400 \JRd R

=1

ber, (. —y)Pr-1(y) dy

Rd

[ ete = el o) dy

= / o2, (x — y)®r-1(y) dy da
Z—‘rDo R4
(eq. (1.5.2)) < O4(C).

In the last step, we treat ® -1 as a weight for different small cubes so we could apply
eq. (1.5.2) and the stationarity of ¢, .

3. Proof that if d = 2, then |64 12(240y) < Os(CLN)).

This part is a little more difficult than the case d > 3 since the scale of integration is
different with the scale of convolution. So we need a intermediate step.

Lemma 4.3.3. There exist a constant 0 < C(s,d,A) < oo such that
VR>1, |be, * Pr(x) — de, x Pr(y)| < Os(Clz —y|R™). (4.3.13)
Proof.
|Gei * Pr(2) — de, x Pr(Y)]

/0 Voo, % (x4 t(y — ) - (y — ) dt

N

1
yal [ 1V6ux Balo +tly — )] de
0
< Os(Cly —zR™).
The last step combines the estimate of V., * Pr and eq. (1.5.2).

We apply eq. (4.3.13) eq. (4.3.12a) eq. (4.3.12b) to ||| L2 (2em,) for VA € (0, 1]

||¢.(32)||£2(z+|:|0) = ||¢€k - ¢€k * P2 ‘|£2(z+Do)
||¢5k - ¢5k * (I)Q(Z)HLQ(ZHZ’O) + H¢€k * (1)2(2) - ¢€k * q)2||L2(Z+|:’0)
e * P2 — P, * Pr-1lL2(240)

N

< A[ge, = Per * P2(2) [ L2(By () T4 Per * P2(2) — Doy * PallL2(By(2))
Apply eq. (4.3.12a) Apply eq. (4.3.13)
+ | @e, * P2 — P, *x Pr-r|L2(2400)
Apply eq. (4.3.12b)
< O,(C) +0,(C) + 0, (Clog? 2+ (20) 7))
(eq. (1.5.2)) < O(CIL(N)).
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Here we use @5 since eq. (4.3.12a) eq. (4.3.12b) requires that the scale should be bigger
than 2. In last step, we use also the condition \ < % to give up the constant term.

Since S, has the same type of estimate as ¢, , see [AKM18, Proposition 6.2] , we apply the
same procedure to obtain the other half of the lemma 4.3.2. O

4.3.4 Detailed H~! and boundary layer estimate

In this subection, we complete the proof of theorem 4.3.1, which remains to give an explicit ran-

dom variable in the formula eq. (4.3.9a). This requires to analyze several norms like |[aVw—aV| g1y, ), [lw=2| L2 v,)
where [[aVw —aVu| g-1(y,) has an equivalent expression from last section. We will use a variant

version of the localization technique in chapiter 6 of [AKM18] to separate the random factor and

then use two technical lemmas in section 4.2 to calibrate the size of the random factor.

Estimate of [aVw —aV| z-1(v,)
With the help of lemma 4.3.1, we have
[aVw —aVol g-1w,) = IV - Fllg-1w,) < IFl2w,),

and we use the identity lemma 4.3.1 to obtain

IFl2w,) < Do lla—a)V@—%0)zw,)

Jj=1
H.1
d
N g 5
+ Z H (a¢€k SEk ) awj amk (U * C)’ L2(U,)
7,k=1
H.2
d
D (VSe, x @y —aVie, * ®y-1) 0y (05 )|l 20, -
k=1

H.3

We treat the three terms respectively. For H.1, we have
where the last step comes from the approximation of identity, see for example [AKM18, Lemma
6.7].

For H.2, since ||¢£2)||£2(Z+DO), ||S§2)||£z(z+[|0) are obtained in lemma 4.3.2, we could use the
lemma 4.2.1 where we treat the cell of the scale ¢ = 1 and take g = 0,,0,,0, f = (aqﬁé’;) - Sé’:))

d
H2 = 3 | (adl) —82) 0,00, (0% Oll 2w,

Jik=1

d
(lemma 4.2.1) < C(A,d) ZZGI%%(U <||¢2)||£2(z+mg) + ||Sgi)||y(z+mo)) 0] 2w,
k=1 "
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Hence, we extract the term of random variable

d

X = ( Nl 2, SV 2, ) 4.3.14
1 s zeléldafi(UT ||¢ek ||£2( +0o) + H ek HL2( +0o) ( )

lemma 4.2.2 and lemma 4.3.2 can be applied here to calibrate the size of random variables that
% <0, (CU s, N (logr)* ).

The above estimation gives a good recipe for the remaining part. For H.3, we have

d
H3 = ) [[(VSe, x Pyt — aVe, x Py-1) n, (0% () 2w
k=1
d

< CAd)) max (IV@e, * ®r-tllL2(z400) + IVSey * a1l L2z +0)) 0]l 2 0,
k=1 "

where we extract that

d

A=), max (Ve x @r-1ll2(z100) +IVSe, x Pa-tllz2(2400)) » (4.3.15)
k=1 "

and we apply lemma 4.2.2 and lemma 4.3.2 to get

4
2

Xy < O, (C(U,s,d))\ (log r)%) .

Combing H.1,H.2, H.3, we get

laVw — avVal| g1,y < C(A, d) ([l 2w, + 10l X0, +ol ) Xe) | (4.3.16)

Estimate of ||w — 9|2, )

For |[w — 9| L2(1,), it’s just routine and

d
lo =vl2w,y = 1Y 800,05 Cllp2w,
k=1

d
(lemma 42.1) < C(Ad)> max (6D lar0, ) 9],

1 z€ZNU,.

CA, D)V g2 v,y X1

N
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Estimate of ||VT,\H£2(UT), ||T,\||L2(U

Finally, we come to the estimate of ||VT\||L2v,), |TxllL2(v,)- We study [|[VT)[ 2, at first

1
IVl 2w, H <1U \Uy 2100 ldH()\) (V¢) < )) Zamk vx ()

L2(U,)
T.1
d
+ (1U7‘\U7‘,21,(A) * Cl(A)) Z Oz (Vz_) * C)Qﬁ)
=1 L2(U;)
T.2
d
+ (1UT\U,V,21<A> *Cz(x)) Y O0n (Tx VLY
k=1 £2(U7‘)
T.3
T.1 < T)Ql(k)au(@*gmgi)
L2(U)
d
< C(A,d)

l()\) kZ max

2€ZINUN\U, 21(x) (H¢ HLZ (z+Uo) ) H]'Ur\Ur,zzo\)’DHHl )
=1 r\Yr,

We see that lemma 4.2.1 and lemma 4.2.2 also work, but we should pay attention to one small
improvement : i i

the domain of integration is in fact restricted in U,\U, ;(»), so we would like

to give it a bound in terms of H?(U,) rather than aH'(U,). We borrow a trace estimate in
[AHKM18] Proposition A.1 that for f € H(U,)

1
1 L0020y < CU, AN E ||f||H1(U WA 22 o,

(4.3.18)
using eq. (4.3.18) then we obtain an estimate
T1 < ";(A(j) > s (16N e430)) 190y 121 s
so we define the random variable
d
W=D B, (16 2400 ) » (4.3.19)

and we have the estimate by lemma 4.2.2 and lemma 4.3.2

V1 < O, (C(U,s, DN (log ) ).

We skip the details since they are analogue to the previous part. T.3 follows from the same
type of estimate as T.1 and T.2 is routine where we suffices to apply lemma 4.2.1 and eq. (4.3.18)
We find that

2 < CWUD0|lgzw,y V1,
3 < CWDolla, o5

33

1
(UT)l2 ()\)XQ

45
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The three estimates of T.1,T.2, T.3 implies that

+C(U.d) (||a||ﬁz<m>y1 + ] gz(mnan FAINEIEVES (4.3.20b)

Finally, we find that ||7)||12(u,) has been contained in the estimate T.1 that

1Tl 20,y < CU DB Rz 19 0,y 12 (O | (4.3.21)

eq. (4.3.9a), eq. (4.3.16), eq. (4.3.17), eq. (4.3.20), eq. (4.3.21) conclude the proof of theo-
rem 4.3.1. We have

o —wlgiw,) < CUA) <||avwaV6||H1(UT)+N|W1_}L2(UT)

1
HVTlgz) + (7 + Dz

N

C(U, A, d) (|v||H2(UT) + 10l 2w,y X1 + 10l 2 (0, ) X + pll 0| g2 o,y X

1 1 1
_ Z(U,,)<(’u+ +l( )>y1+X2>+||v||Hz(U y)

= CU,Ad) {Ilvllm(rm + (19l 2w,y + 1ol w,)) X

[y o=
[V

+HA) =]l

1, _,+ L _
+ (102190 o 1, 1 3 5, + 1220, )
1 L1 3 3 _
+ (L0 {1+ 2+ 755 ) Il 1ol s oy + 1ol ) 21

We add one table of X, A5, Yy to check the its typical size..

R.V Expression Oy size
d ) () 1
X S max (166 2esm) + 188 240 o, (C1Ntogr)*)
X | i Jdhax (IV@e, * ®r-illL2(z100) + IVSe, x a2z 40y)) | Os (CA (IOgT)%)
¢ O, (Cl1(\)(logr) =
” Sic s, (1020000) (Ct1ogr)?)

Figure 4.2: A table of random variables X7, X5, V1

4.4 Iteration estimate

In this part, we use theorem 4.3.1 to analyze the algorithm, but first we give an H', H? & priori
estimate to explain why we do some detailed analysis in the part of trace : the H? norm allows
us to gain one factor of \ in compared to the H! norm.
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4.4.1 Proof of a H', H? estimate

Lemma 4.4.1. In eq. (4.1.3), we have a control
Il 2w,y + A7l 20,y < CU A d)l|v = ullgr o, -

Proof. We test the first equation (A2 —V -aV)ug = —V -aV(u —v) in eq. (4.1.3) by uo and use
the ellipticity condition to obtain

Nluol sy + Aol < Xlwola,y + [ Vuo-aVuods
U,

/ Vug -aV(u —v)dz
U

AV —u)llr2w,)
AV (v =)l w,)-

< Vol 2,
= [[Vuollp2@w,) <

We put back this term in the inequality, we also obtain that
Moll 2 v,y < AlIV (0 = 0|20, (4.4.1)

Using this estimate, we obtain that of Vu by testing —V -aVu = -V -aV(u — v — ug) with u
/ Vu-aVudr = / Vi -aV(u—v—ug)dx
U, U,

< NV(u—v—uo)l2w,
< ANV(u =) 2w,y + A Vuol 2o,
< C(U,A,d)||V(u—v)||£2(U7)

= ||Vl 2w,

Finally, we calculate the H? norm of #. Because it is the solution of —V - aVu = A\2ug, we
apply the classical H? estimate of elliptic equation (see [ES98])

A Mallgzw,) < Nluollczw,
( Using eq. (4.4.1)) < AA[|V(v—u)|r2w,)
= lallgzw,) < M2V -u)lL2w,).

O
Remark. If we use Poincaré’s inequality to Au to get the LZ(UT) of Vu, we will get a factor of
r, which is less optimal, but the regularization reduces this factor to A~!.
4.4.2 Proof of main theorem

With all these tools in hand, we can now prove theorem 4.1.1. We will denote by R(\, i, r,a,d, U)
the right hand side of eq. (4.3.3), so we aim to prove that

||U - w”ﬂl(Ur) < R()\7 w7 a, d7 Ua ’D)

Proof. We take the first and second equations in the eq. (4.1.3) and use the equation eq. (4.1.1)
-V-avVa = M\u

f+V'aV(U+U())

= —V-aV(u—v—up).
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This is in the frame of theorem 4.3.1 thanks to the classical H? theory that u € H?(U,). We
apply theorem 4.3.1 with abuse of notation of the two scale expansion

L(u*xQ)o

‘Mg

Then we obtain
lw— (u—v—uo)llgr,) <RA0,ra,dU,u). (4.4.2)

The third equation of eq. (4.1.3) (A2 — V -aV)u = (A2 — V -aV)u is also of the form of the
theorem theorem 4.3.1, so we obtain

||a_w||ﬂ1(U7) < R()\7uaraa7d7 Ua ﬂ) (443)
We combine this two estimates and use the triangle inequality to obtain
|(v+uo+u) —ullgr,) <RA0,ra,d U u)+ RN a,dU,u). (4.4.4)

It remains to see how to adapt R(A,0,7,a,d,U, ) in a proper way in the context of eq. (4.1.1).
We plug in the formula in lemma 4.4.1 to separate all the norms of H' and H? and use p < .

RO\ pyrya,d, U, @) < C(U, A, d) [)\+>\X1+ (1+Z(A)%A% X

1.1 1 1
+ (l()\)2/\2 + 1) (/\ + ; + l()\)) y1:| H’U — uH£1(UT).

We check the fig. 4.2 and notice that the largest term is l()\)_%)\%yl, so we obtain that the
factor is of type O, (C(U, A, s,d)(log r)il(/\)%)\%)) as desired. O

Acknowledgment I am grateful to Jean-Christophe Mourrat for his suggestion to study this
topic, helpful discussions and detailed reading of the article.
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